. Rapid whole-slide spatial analysis of FFPE tissues with true
3, AKOYA BT panels enables the discovery of key cellular niches

BIOSCIENCES®

THE SPATIAL BIOLOGY COMPANY®

Julia Kennedy-Darling, Lydia Hernandez, Will Agnew-Svoboda, Suyog Pathare, Sunny Trivedi, Arturo Gamboa-Aldeco,
Christine Reid, Christopher Davies, Sidharth Bommakanti, Nathan Le, Siobhan Kernag, Jenny Eng
Akoya Biosciences, Menlo Park, California

1. High-Speed, True Multiomic Spatial Phenotyping 3. Spatial phenotyping within cancer FFPE tissues reveals key cell types and niches using RNA chemistry
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2. RNA only and true multiomics workflows enable high-

plex detection of targets in FFPE samples 4. True spatial multiomics enables accurate spatial phenotyping and neighborhood identification across variety of normal and

cancer human FFPE tissues
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« Simultaneous measurements of RNA and protein
signals enable cell typing and functional mapping with
single cell resolution.
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complex alignment algorithms and enables easy data
analysis.

FAP
IL6-r
KRT13
CXCL10
ANXA1
FDSCP
CD3D
TNC
CXCL9
PDPN
CXCL8
CCL20
FABP4
CD3E
NCAM1
TGFBI
CSTB
KRT10
S100A8
NFKBIA
TUBA1B
JCHAIN
GNAs
TXNIP
VIM
CD74
TMSB4X
ARHGDIB
CXCL12

The Spatial Biology Company® Akoya Biosciences, Inc., 100 Campus Drive, 6% Floor, Marlborough 01752, MA USA (855) 896-8401 www.akoyabio.com


Presenter Notes
Presentation Notes
Formatting requests

http://www.akoyabio.com/

	Slide Number 1

